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Detailed Accuracy Comparison: Kosarak

Kosarak: minimum support =0.12%
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TidFP : Mining Frequent Patterns in Different Databases with
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Experimental and Performance Analysis

Times for 2M records at varying
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TidFP Mining in Different DBs, by C.I. Ezeife, Sept /09, #17
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- Detecting Projected Outliers in High-dimensional Data Steams ( %%
A} Ji Zhang, Qigang Gao, Hai Wang, Qing Liu, Kai Xu ) : A gt
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Experimental Results (cont.)
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Introduction OLAP Analysis Implementation m

Example
T = Dimensional Table
D 1 m| SMES PRODUCT | HCATEG -
SUM (REWENLE) CLASS | Computer Telephory

SALES ~ PRoDuCT [HoATEs | YEAR | MONTH |
LI -~
4
SUM (REVENLE) CUASS | Computer | Teleohony | DATES soog L2008 (760) | (72)
YEAR | | HIONTH 05/2008 (446) (48)
DTS 2008 (1208) | (1200 | 02/2003 (492) | (79)

2009
64 2005 (1se7) | (85) | 03/2009 (1078) | (106) |-
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- Finding Clothing that Fit through Cluster Analysis and Objective
Interestingness Measures ( %3 A} : Isis Pena, Herna Viktor, Eric
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< Actual versus Ideal Measurements for Sizs Large Adult Males >

Chest Waist Hip Neck Stature
112.4 92.8 109.7 52.1 184.4
112.6 97.8 105 42.4 179.5
112.6 97.2 111.4 52 181.3
112.8 95.2 114 49.9 185.4
112.9 93.5 107.8 50.3 184.7
113 105.7 114.1 49.3 184.3
113.3 101.8 111.2 50.5 188.6
113.4 102.6 116.5 47 187.2
113.5 100.8 105.2 48.5 179.6
112 97 114 42 178
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- Modeling Complex Relationships ( 23 *} : Mengchi Liu, Jie Hu Shool
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