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Sunday, 26 June
8:00-9:00am Registration

9:00am-12:00pm

Workshop #1: Judgmental Forecasting

1:00pm-4:00pm

Workshop #2: Singular Spectrum Analysis

9:00am-4:00pm

Workshop #4: Sales and Operations Best Practices

Workshop #5: Advances in Time Series Modeling and Forecasting

9:00-4:00pm with Neural Networks

4:00-5:00pm UF Editor's Meeting

3:00-5:00pm Registration

5:00-6:00pm ISF Future Organizer's Meeting

6:00-8:00pm Welcome Reception — University of Economics, Academic Club

Monday, 27 June

8:00am-5:00pm

Registration

8:00-8:15am Welcome Address

8:20-9:20am Keynote Speaker
9:30am-12:30pm Sessions (with coffee break)

12:30-1:45pm Lunch

1:45-5:25pm Sessions (with coffee break)

5:30-6:00pm IIF Member's Meeting

Tuesday, 28 June

8:00am-3:00pm

Registration

8:15-9:20am Keynote Speaker
9:30am-12:30pm Sessions (with coffee break)
12:30-1:45pm Lunch
1:45-5:15pm Sessions (with coffee break)
7:00-11:00pm Gala Event — Dinner at Novotneho Lavka, Old Town
Wednesday, 29 June
8:00-10:00am Registration
8:30-9:30am Keynote Speaker
9:40am-12:30pm Sessions
12:30pm- Lunch

1) ISF : http://www.forecasters.org/isf

2) 1IF : http://www.forecasters.org
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Workshop #1 : Judgmental Forecasting
Paul Goodwin(Professor of Management Science,
University of Bath, UK)
Workshop #2 : Singular Spectrum Analysis
Dr Hossein Hassani(School of Mathematics, Cardiff
University, UK)
Workshop #3 : Sales and Operations Best Practices
Charles Novak(Professor of Management Science
Jauar-APS)
Workshop #4 : Advances in Times Series Modeling and Forecasting
with Neural Networks
Dr. Hans-Georg Zimmermann Senior Principal Research
Scientist Sienens AG)
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O Singular Spectrum Analysis
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Stage 1 : Decomposition e - - o
& Eenitn Step 2 : Singular Value Decomposition (SVD)
Step 1 : Grouping

Step 2 : Diagonal Averaging

Step 1 : Embedding
Stage 2 : Reconstruction
H

ot AAE ™ dAR AT Hd o 2
468 f
4.45 |
4221
3.99 - -
JAN 1978 JAN 1985  JAN 1991 JAN 1998 DEC 2004

Figure 1: Fabricated metal series in Germany
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Figure 3: Matrix of w-correlations for the 120 reconstructed components.
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y|edulSll e Jan Fischer, European Bank, United Kingdom

HHL Macroeconomic Forecasts : Betraying Us When Most Needed
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* EBRD : European Bank for Reconstruction and Development

HHizl9 Statistical Learning with Large Numbers of Predictor Variables
yEdufSF & Jerome Friedman, Stanford University, United States
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"o b fJfdf  Forecasting when you suspect 'this time is different' - a typical
= Ol A day in the life of a macro economic forecaster
E3==N < Edward Leamer, University of California, Los Angeles, USA
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o = (extrapolative time series forecasts)JJr QLEZE W7} AlFs=
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=HYA Forecasting for Operations
L & EBverette Gardner, University of Houston, USA

o Ho Ao W& < X(mean absolute percentage error)2} S HF A2l
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=HAA Optimal Forecasts in the Presence of Structural Breaks
L & M. Hashem Pesaran, University of Cambridge, UK

o] G224 - (structural breaks)©] U= 745l
= e Bokrh HE3 wdo] Sl B9 FHA
71 98 7t HA AlE 3] Aw2](weighted least square
regressions)°l| A o] #= #HES THEAE == Ut 9 AR

AT A B U S 2 A FodeR At 4

FAo el o A2 AHA(intercept) Y 7] 7|(slope) IFEHv]
A qk @2 Ak(error variance)ll A Y] @A E dHEE UG, HA Tt W
Holl 7] %3 of| & A7} postbreak estimation windows, optimal estimation windows,
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=HAA Limits to the Forecastability of Climate Change and its Consequences
L & David Stainforth, London School of Economics, UK
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=HIo1A Election Forecasting: The Future
L & Michael Lewis-Beck, University of Towa, USA
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BAY1 | Bayesian Methods FIN3 | Finance
BAY2 | Bayesian Methods FIN4 | Finance
Ccu1 Global Warming FIN5 | Finance
CLI2 Climate Predictions FIN6 | Financial Time Series
DEM1 | Demographics FIN7 | Finance
DEM2 | Demographics FM1 Index Models for Forecasting
EBC1 | Multivariate Models for Business Cycle Analysis I | FM2 Forecasting Methods
EBC2 | Uncertainty in Macroeconomic Forecasting I | FM3 Forecasting Methods
EBC3 | Multivariate Models for BusinessCycle Analysis I | FM4 Forecasting Methods
EBC4 | Economics and Business Cycles FSS1 | Forecasting With Large, Structured Datasets
EBC5 | Multivariate Models for Business Cyde Analysis I | FSS2 | Forecasting Support Systems
EBC6 | Economics and Business Cycles FSS3 | Forecasting Support Systems
EBC7 | Uncertainty in Macroeconomic Forecasting II | FSS4 | Forecasting Support Systems
EBC8 | Economics and Business Cycles FUZ1 | Fuzzy forecasting
EBC9 | High.Frequency Macroeconomic Forecasting | ICT1 | Information Communication Telecommunications
EBC10 | Economics and Business Cycles ICT2 | Information Communication Telecommunications
EBC11 | Economics and Business Cycles ICT3 | New Products and Innovation in ICT
ECO1 | Econometrics JUD1 | Judgemental Forecasting
ECO2 | Density Forecast Combination JUD2 | Judgemental Forecasting
ECO3 | Forecasting with Multivariate Time Series Models | JUD3 | Judgemental Forecasting
ECO4 | Econometrics MKT1 | Marketing
ENR1 | Modeling and Forecasting . Power Markets | NN1 | Neural Nets
ENR2 | Renewable Energy Forecasting NL1 Nonlinear
ENR3 | Energy SSM1 | State Space Models
ENR4 | Energy STR1 | Strategic forecasting
EVAl | Evaluation STR2 | Strategic forecasting
EVA2 | Prediction Distributions SUP1 | Supply Chain
EVA3 | Evaluation TOU1 | Tourism
EVA4 | Evaluation TOU2 | Tourism
EVA5 | Evaluation TSA1 | Time Series Analysis
EXP1 | Exponential Smoothing TSA2 | Time Series Analysis
FIN1 | Forecasting Value. At. Risk TSA3 | Singular Spectrum Analysis
FIN2 | Finance TSA4 | Singular Spectrum Analysis 1I

X AtMe =23 Q™ MESIY “ISF2011_Program.pdf &t &
X MAMO| SA|ZHCHO| Cr=2 Zo|AofM JHE[=of et SHIHE 2 AFIA < 20
U MMT BIHFZ2 SXE BA|)
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