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A statistical tale of subgroup analysis for managerial
decision making

(Xuming He - University of Michigan(United States))
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Parallel sessio

Session : EO054 Room : LSK1009
Statistical methods for big data integration

Thursday 15.6.2017 10:25 - 12:30
Chair : Hongtu Zhu Organizer : Hongtu Zhu

Strong independence screening for ultra—high—dimensional
survival data

(Xuegin Wang - Sun Yat-sen University (China))
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Bayesian scalar on image regression with non—ignorable
non-response

(Xinyuan Song - Chinese University of Hong Kong (Hong Kong))
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S33 AEH FHZF(covariate) I ES = HS(instrumental variable):=
ne AHS golstA ] 938l 271 0= missingness 7HsAd 2 T

EAIA FEL2 Markov chain Monte Carlo €alg]5S o]83sle] Wo]X|Qt
=z HaE Fal ¥

AEI ATE AlgkE WMol BEAYE f7 AT %S UEhyd,

of=3}oln A3t Neuroimaging Initiative H|o]E] A Eo] T3t



An extended Mallows model for ranked data aggregation

(Han Li - Shenzhen University (China))
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SFM: Surface functional models for functional data in
product spaces

(Hongtu Zhu - University of Texas MD Anderson Cancer Center (United States))
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Transformation biometrical genetic models for the
analysis of non—normal twin data

(Xiaobo Guo - Sun Yat-Sen University (China))
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Parallel sessio

Session : EI301 R oom : LSKGOOT
Non- and semi-parametric inference

Thursday 15.6.2017 14:00 - 15:40
Chair : Ping-Shou Zhong Organizer : Byeong Park

Flexible parametric approach to classical measurement
error variance estimation without auxiliary data

(Ingrid Van Keilegom - KU Leuven (Belgium))
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Fitting a two phase threshold multiplicative error model

(Hira Koul = Michigan State University (United States))
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Moving block bootstrap procedures for distribution
estimation for sample quantiles of strong mixing sequences

(Stephen Lee — The University of Hong Kong (Hong Kong))
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Parallel sessic

Session : EO238 R oom : LSKGOO1
Extreme value modeling and risk analysis

Thursday 15.6.2017 16:10 - 17:25
Chair : Emily Kang Organizer : Jun Yan

Optimal fingerprinting in detection and attribution of
changes in climate extremes

(Zhuo Wang - Shenzhen University (China))
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Similarity—based clustering for stock market extremes

(Raphael Huser - King Abdullah University of Science and Technology (Saudi Arabia))
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The impact of competition on prices with numerous firms

(Deyuan Li — Fudan University (China))
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Quantile spectral analysis for locally stationary time series

(Marc Hallin - Universite Libre de Bruxelles (Belgium))
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Parallel sessi

Session : EO066 Room . LSKG003
Recent advance in time series econometrics

Friday 16.6.2017 08:30 - 09:50
Chair : Tingting Chen Organizer : Tingting Cheng
gting 9

Strong trending time series models with endogeneity: A
bias—correction method

(Li Chen - Monash University (Australia))

el Al ARt aF AAIE 371 Bl dEslen, A A
AL 39 A4S 9% sl e I OLS F8AE o]8st 54 A

A% o)A (bias corrected estimator): W= OLS FA 9] o] A= 4=
Ast7] S8l AL
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g 39 29g Fqeh 6 483

Estimating a large system of seemingly unrelated regressions
using penalized quasi—maximum likelihood estimation

(Qingliang Fan - Xiamen University (China))

= Z

%  FAA(shrinkage estimator)E  ©]&3}o], PQMLE(penallized
quasi-maximum likelihood estimator)+ Aol 7t F AAg-of= st
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= ex FEAF HI wd A4 25| Wd] the penalized
quasi—maximum likelihood estimator®] A<+ EA(asymptotic properties)=-
N5kl

E3], S8+ AS FAX 9 A B¥ot FAE FEA PHo| Y s
Frobenius norm®. =2 FEstgon F8AF 31d F43]9] oracle X A

A =l HadE3d H 9% FHA(the penahzed
quasi—-maximum likelihood estimator)+= 7] FAX Kt @A 3t A0

= UEhe

4% AR, PQMLES viZe] F4% £79 3% AR $o0§ Aol 4
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ol

Adaptive estimation of functional-coefficients regressions
with time-varying variance

(Yundong Tu - Peking University (China))

o] =8o] alxlL Al HE(multiplicative form)2] o)A (heteroskedasticity)
o)1
A -

AYeEfoll A functional—coefficient stationary regression modelS- 5% 0.

J%e W
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o
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AlEdolds &
coefficient®] & MZE 543 Hsto] AQkE adaptive estimatord] ¥
e AT

1= (USA) 10 A5 A ol tigh A8 2o a3t= e &

A 9 adaptive estimator Ax}e] Ad2A FAME

Multi-step non—- and semi—parametric predictive
regressions for stock return prediction

(Tingting Cheng - Nankai University (China))

Al 7HA A2 oS ZE-E At
o= HE7F FEA O E FAF Al A2l 7%, the multi-step nonparametric
predictive regression model (NPR) and the multi—step additive predictive

regression model (APR);

the multi— step time-varying coefficient predictive regression model
(TVCPR).
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Parallel sess

Session : EP0OO1 Room . Ground Floor Hall
Poster Session

Friday 16.6.2017 10:25 - 12:30
Chair : Panagiotis Paoullis Organizer : EcoSta

EP0168: W. Panichkitkosolkul
Confidence intervals for the coefficient of variation with known mean

and a bounded standard deviation

EP0542: H. Kim, H. Kim
Analysis of the effect of the carbon emission reduction in EU ETS

Phase 1 on PSM and system dynamics panel DID model

EPO571: Y. Ohtsuka

Large shocks and the business cycle: The effect of outlier adjustments

EPO807: L. Hanus, L. Vacha

Frequency response analysis of monetary policy transmission

EP0804: Y. Zhang
On sums of independent generalized Pareto random variables with

applications to insurance and CAT bonds

EP0O828: R. Oh, D. Shin, M.-S. Oh
Bayesian analysis of financial volatilities addressing long memory,

conditional heteroscedasticity and skewness

EP0853: A. Kontoghiorghes
Pricey puts and stock market predictability

EP0688: L. Li

Application of artificial neural networks to variable annuities
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Robust normal mixtures for financial portfolio allocation

(Marc Paolella = University of Zurich (Switzerland))

MEZE Aol s a8 (multivariate modeling) 2 AFAF S22 o=

2/ Ul 23Ha two—component normal mixture) 7]HFO. 2 A Aol A
o1 H A Faa dEMCD) Wi el gefstal A28 o] 88 &3l 74

&
i

o= AE Wel Bk o5 W REEE S et st MLES S7F
skewness®} leptokurtosis®] 449 213} © AL oo a2 g
Z|(leverage)9} A9 & H(contagion effects)S 834w GARCH 38

zoll= TAEHA X

the moments and the expected shortfall®] ¥4 &o]& 3], TEZZ]Q
HAsh= sty dd 72 FeE dolHe| disiie 5 0}74] 7hsE AL
T A Sl Markowitz ZdHY HFE oYz} DCC-GARCH(XE <79

GARCH 3 I8 AF)E vpxriA| ¢
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Parallel sessic

Session : EI006 Room . LSKGO0O01
Advances in spatial statistics

Thursday 15.6.2017 15:00 - 16:40
Chair : Mike So Organizer : Mike So

Transformed Gaussian random fields

(Marc Genton — KAUST (Saudi Arabia))

thtkstAl W3lEl Gaussian random fieldsE® S8t on, E3], $-g&=
non-Gaussian spatial dataE HE2®3s}7] 98] Tukey g-and-h (TGH)

random fieldsgZb= A28 EFE Aot

ARbe TGH W< = SdAos {3 34 BxX& 7MY, v
4 den, AHAd A48 Wele 2 s

Ho} %= FG A (maximum likelihood estimator)®] F< 54 (probabilistic
properties)® TGH 9] "Fxo] 3EA Exo] A1EYS

H) ZAF FE(maximum approximated likelihood)ell 7]%3F &84 <1 FA
o

Kriging?} TGH W HE=E 0] 83 &54 oSo] o5 212 71 s 7

TGH random fields®] o5 e HHLAS AlEgold AF<} vl= s
Bo % game] W@ 482 B 4ZUon, A=$ spatial
max-stable processes and autoregressive time series®] -5l gt o2t

ofolt]o] T Fo W
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High—dimensional Bayesian geostatistics

(Sudipto Banerjee — UCLA (United States))
A2l AR A|2H (GIS) # Hd i‘_E—‘?J]019] 71%50] dE wel A
AE7FES e5d A So] 912 9 AR Ao #5AT ¥
HolHE Ar|Hoz AsA HAUL

Spatiotemporal 242~ 2do F7}

A @ A paygel BgEe 4
2 o 2 ol S8 AAEe] ols) FASSA o) S e
U ASAH AB RES BFE AL FUHA A% ARA EAEe)
ol e 4 wHE Bkl FrhshEA ALY

Nearest—Neighbor Gaussian Process(NNGP)%} 722 th % & 7153 7R~
I RA A BEL A7 Ao B AA A XKfloating point operations) 2
A AEe 48R 8 dudss AREst 4 & 5 e

teFst ~AAP o] Tt b ZEAA REE g4
tlolel7F 5 AA ol A Hlo]x|¢t
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Spatial confounding in hierarchical models

(Alexandra Schmidt - McGill University (Canada))

163 L:t_rﬂl

i

(spatial generalized linear mixed
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oA 37 Al Mg A™wol] dFs mAH, &3 A £l
o]

spatial confoundingl. = 4&HA 31&

rlo

& 7k 81
&

b Qe maprh o) udgd myket Azo R A3ty
Al gk Has

Ao g
2 57

rir

T AT 2l Ae- T3t L FAE =odor s, 53], $Ele ¥
SE 9% 1P 43 LRALEOBMED] 2013504 LA 43t
B2 o) A spatial confounding®] 7Fs3t a3E2 FA}eE9 S

Parallel sessic

Session : EO276 Room : LSK1032

Financial econometrics

Friday 16.6.2017 17:10 - 18:50
Chair : TBA Organizer : Gian Luigi Mazzi, Tucker McElroy

Seasonal adjustment of daily data with JDemetra+: First
results

(Dominique Ladiray - INSEE (France))

14 @ A} W WAoo njy EE mFE AlAd] 7}gmp, A=)

™ high-frequency time series®] A4 AL 2 7% EAHS A7)

so, 1T
o N

Rl s

ﬂJO
B

M= e

ol

7|(annual cycle) AlE4 717+ 4
Al e g

ek AA diRle FA8] flEi= JPEA] EAe Bol €4
(robust) WH-2 o4} 35| (outlying observations)2] 235 &
(temporal) aggregation®l| ]3] B~ A Yehx] o, 2
25 ol ASA7F HIRSHA YEl= Flo] dA9)

2

lo o m
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(A

ZFAA (robustness)S Eo]x] AA(FZ) Adaf === 74235k dg vl 9]
& Al @ 4 9Qom, EurostatollA] #AsIE o] HAH(X - 13ARIMA -
SEATS) % ARIMA 719+ ' (TRAMO - SEATS) 3] Ad 24 AXE
ol JDemetra+ oA -3

o] WS HAzF @ BEUET A7 7o, Reg-ARIMA RS AL-8-5lo]
ol H](outliers) X EHag¥}E WA F4 3 tf3 22 FIAxE TC(trend
cycle), AIAAS) & B2 74 845 B APAS W AAE

& Tramo-Seats Y] FH X-12 LauglFS 53 AT 4 IS

=R E o] T b el ofel Al dis) AALE Y o
=

Time series seasonal adjustment using regularized
singular value decomposition

(Wei Lin - Capital University of Economics and Business (China))

ARHQ AAY HelEE Aol Qe Puel Fitske Solg
(RSVD)E 7ito = Aze Ad 24 PHg A

o] Wpe AZbl wk WakA o= wAE AP 3 A" the A
Hol wa Y Algkel wel Wl AAe) T lx £RE w3 @
e AER fA

RSVDE ole] Ad sjele] A8 gkl oa] Azt wef Wl A4S
e

Aol whek sk AR slEo] Agke] Aol wheh g Wk

A& 7HEeRA RSVDe 50 HEHE afdom AAGFE)sH] sl

roughness penaltyE A-835}al o]|& t}A| F A F(least squares)ste] A&
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w3k A siee] A7) wEp 543 Wl (5, Beola)7F
fe13 ) e}

S-27F Aeksk WhHe AlEgo)ld H dlolE] dAle} AA] dolE oA 25T
o 3t HH I X-13ARIMA-SEATS W3} FAFSHI Yelhd

Testing stress

(Sulkhan Chavleishvili = European Central Bank (Germany))

% Ao EA F8 A AZHE B 38 Al2H dAe] A
XA o
o 1

AN A AH Al glol Al
AR 54 ° 5 Y= A

§ 2Edxg Aosta HiESY] 93 QR SAH Zdd a7t
0]
H

o] 29 HA= v BA ERCIFY EF2)H vE w5 A AIRE
NN 2EHAE A= o] o] AAL FadskA 482 + U

28] 9] semiparametric frameworks= 58 ZEHAE
ARkl o} M AR 9] WH)e A4 =97t

2 53e 2AEE OMER e
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2% o] HAE FAE vl glu BAHeR & goH A AEd
s A% ARG

2= A AAE 197395 2016\37HA] vl= w5 Al=Hol EH'J
Blol| Hgatal Ag KBS Ao FA0] AA] Al 25 v

G AEAE BAARE

CISS 1n a time-varying environment: On the frequency
of systemic distress

(Manfred Kremer - European Central Bank (Germany))

CISS A3t "% A|AJZH2E Wsteles a8 AI2Ee] A|AE ~Ed 29 &
ot Ao, o] XFE FEEU) A AY AAX-=§ AlZF 7HA =j7iH
T VAR 2dlo] E3sto] A5LS 78l al systemic events?] o= 715A44S
S48l

AR ol e AL Wk AR Ao 253
£ 2007 O1F G719 e 248 AES ol elel madely
F8 AN T8 Weel vlY Aol B AXS} BIUYo] mE

Aoz LEhd

o] AEe] Pl onl we
B F7he7) wEel €17] ARRdel tid £ ool

wa AAA FACES CISS Aol HF 22)e 2AE o F4nr 4
Aol v A HRe] o 2 e mAE Aow v

npx|wko 22 9-7] eSS Markov-switching Xd 9 ¥ Z(ceteris paribus)2}
H] 18 regime switches7F 2 A|RE 2} 917] Skt Ed Al B B
o)

HsAdS fEe RN ¥ wue= As =3

1o N
4 o
%0,
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Parallel sessi

Session : EG061 Room : LSK1003
Contributions on time series modeling and its applications

Saturday 17.6.2017 08:30 - 09:50
Chair : Thomas Beissinger Organizer : EcoSta

On core inflation measures: Evidence from the European
Union countries

(Aleksandra Halka — Narodowy Bank Polski (Poland))

2HRE B ] da o AEHE ga

oA 2012 o]¢= HAE A

rir

we HARI AF AT

oz AT 247 headline 91Ze ol lolElolE Axd HAAZ 7]
23 94 AZgoldo] o] QlZeold HEe] Al GrI7ke] 1=
Aol 4:32] Wstel @ 71X ARS A7)

ol2fgt Aol Halr] Hlsll p2l= ofe] 71 BA =7k ARk 7kE e &

i H
ZeA] R T 84 BHES Aehs X654 B UAA 3 8AE FAEoF 3

olelgt WMol S Ay ABeold Fuke] qTL mASG oM, 9
U 2 Y T 22T A G AZdeld 217 TR
T fxe] 47 PR AR AL wastgen, e 4E F
Ze] 717k Fehele 2 ATeolAS bg & MYHAE WhE

FEE 84 AZdoldst AN AR Aole] FAH O B e
e HFR, 1 Auk= 94 AZdolHo] Aol Fa ore] WS o
w AR Y @ 5 ke M SeEse



The importance of price and non—price competitiveness for
Euro countries' exports: An unobserved components model

(Thomas Beissinger — University of Hohenheim (Germany))

B2 AN o= 78 ot = EFY 9| avtel Mgk A
e WA TES S Qe oF FH BUS ST A4 fge) diF A
£E A9

S B WSS A 4% 471490 wAv e 2% A4
z 2= olo.

= T AM7|

ol9} o] AFE E3t W= o T3 HYE Ao AR S o]
o] 7] ol AT AGoA ALl FAlE

o] TAE FEs] Y o7 4 FES 7o ofd AAHS AIZF H
3} FAE Bdy o ¢ e AEEHA] G A o4 wdy Ag
FZ(EURO) A9 197 E5ol st A4S s A |7] Ssiqs &
5249 &3 HE, oA 2 FZ4 breaks® L fof

A data—cleaning augmented Kalman filter for robust
estimation of state space models

(Martyna Marczak - University of Hohenheim (Germany))

o] 2] dloly Z2ld HE|(data—cleaning filter)E H| YA 2 3|9 a¥=
5402 sl dik AdE) 3% 2 2(general state space model) = st
77A3% Kalman filter7} A&
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Parallel sessio

Session : EO030 Room : LSK1007
Recent advances in dynamic panel data and factor models

Saturday 17.6.2017 10:15 - 11:30
Chair : Bin Peng Organizer : Degui Li

Semiparametric single—index panel data models with
interactive fixed effects: Theory and practice

(Bin Peng - University of Bath (United Kingdom))

ahirel elEls dd dloy mulo] pEEA] b ol ulshA wAEe}
37 Aok

| 22 584 AL ¥ of gk o4 3%
S ol B2 BAA =AE A bl At

Monte Carlo Al&EdolAde S8l 729 WHES v AtdlelA a3 o]
g AE HAFE
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AFEA Astel waEw, tise] v3 Y ege) Foge] Fke A
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Estimation and inference of panel data models with
constrained interactive fixed effects

(Hongjun Li — Capital University of Economics and Business (China))
Panel data models with interactive fixed effects(PD-IFE)7} 2+ 3|4 o]

B A2 Augt AAlT2E AW o 7] wiel A5A AR AAEA

o FHe T Y

Monte-Carlo AlEd# ol Ay -2l FAHX| 7} #A|ef 2o] oA ¢ a&

Holgl= Ae o=
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Sufficient and linear dimension reduction methods in
forecasting

(Efstathia Bura - Vienna University of Technology (Austria))

wdo FagEel Az golo] ALgE U Hloly AL gokslu

- = -
A A% mae Ayshs o ge A

i

el vk BEE xE 20kste] yxe] AN L2l e BE HEIF R
= 9 5 e Ao Bt et /1 SDRE &7 shast o

T2l SDRe] AAl dSer B4 @A FARE o5 des Alest
1~23] A5 F8f FHLASH AHEHE AA AAAALY] AFLs FPS

=ol= As Bow
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Recent developments in Bayesian inference for time
series

(Michael Pitt - Kings College London (United Kingdom))

=

pseudo—marginal algorithm< Metropolis Hastings 219 HE0 2 %
5 HLoA dRHor MEY AAS T H|ZET dAdA FHSH

g+(likelihood function)+ TF7] & EX|9F Monte Carlo =& A&
sto] FA-SHA F=A4E ¢ e B ’\]Uraloﬂ 7] Wil A 2 A

ARte] 5344, A 284 3t wds HAsleks 2 7HA 7]ofol dieEl

A& AdE pseudo-marginal  algorithmS 3% pseudo-marginal
algorithm= 471

o duFe] AH WAL A% A AT

Az dneZe Age U A% A WEY wdd 34 =Y

ste] & A AES FARgto 22X =1 ol
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Parallel sessio

Session : EO102 Room : LSK1009
New advances in statistical modeling, computation and

applications
Saturday 17.6.2017 14:00 - 15:40
Chair : Tsung-l Lin Organizer : Wan-Lun Wang

Joint tests of financial market contagion with
applications

(Cody Yu-Ling Hsiao — Macau University of Science and Technology (China))

=547 A3Hfinancial market contagion)el W3k ths AE HAE
(multiple-channel tests)e] MZF 771 =UE] 58 A1 f17]19 A

Aol =2 vjEo] AAAA|, co-skewness 2 co—kurtosisE E3f &<l

r2

w0 re i

AE 971 71 A A AR AEelA ZAEg A7) ARt
HollA & HaMo A Hdufe] ok 7]E @l AE A PH o]
o

e L )

©

229 ol o, i AY BaEE AFL A% dold Ay T
7t 9el Y EsES QNS A5k AU TR T AY H
E0goR ¥ WAL ¥ A8 BAY

AlRFE HEEx= 2007~2012199] Al 2Hl9] o8 171 &< T4 A =
& A Aas H2Eske o 48503
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Multivariate-t linear mixed models for multiple
longitudinal data with censorship and fat—tailed behavior

(Wan-Lun Wang - Feng Chia University (Taiwan))

e 7L =

() 97 717 & ErARAQ Aol gk W o] d#e] wkgo] 7} Iy Ao Al 1E
BAow 34

(i) W&o s AR Qg HE e 2 == 5 H1d a9& =9

(iii) oF2-2lolo](outliers) B+ heavy-tailed noises7F Q& A8-0] ofg] & W= Yo A

2 2471 Al ABE sl g AHeld odd HeldE
Aol B & 5 QRS A9 dEMLMMOSE this « 48 £
mae FAskEhs A

24 7] W Hd % A4S s &l 249 g =218
HSHECME) <aglFoe]l 7lEEE%]om™, E-stepd A8  truncated

= =
multivariate t&X°] Hyf 2 FEAF siHof| oj&

Aokel e AEold ek HIV/AIDS dlolge] tjat 24 482
B3 4

Novel bayesian information criterion for choosing the
number of factors in factor analysis with incomplete data

(Jianhua Zhao - Yunnan University of Finance and Economics (China))

H2E dloly 21 $E(likelihood)ol Al F¥ 7] WE penaltyES Wl A
= Aojw wo]A]ot AW 7]F(Bayesian Information Criterion, BIC)2 <+

Ak dlolH= a9l £40l izt <17|le 2E A8 7E
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A censored time series model for responses on the unit
interval

(Mauricio Castro — Universidad de Concepcion (Chile))
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Parallel sessi

Session : EO204 Room : LSKI014
Functional data analysis and its applications

Saturday 17.6.2017 10:25 - 12:30
Chair : Ci-Ren Jiang Organizer : Ci-Ren Jiang

Frechet regression for random objects with Euclidean
predictors

(Alexander Petersen - University of California Santa Barbara (United States))

O

A0 2, SAAELS non-Euclidean®t #WE37to] ofd EHi sk Ho]H

A= 2ol AwWsla 9o, o]edt dlolEo] thd B4 HH o]
4= MAast7] #8l Frechet 271 7Wd& =AUk Frechet B9 i1
S =774 Frechet 9 /fdes &%

el
gh

ol fo

N
-

global least squares regression % locally weighted least squares smoothing

9] Olﬂ}ﬂ-ﬂ tﬂﬂ 0] 7HHLH }\}\U

(54 2 MEY g3t S5 7HAl tigh global 3 locally 3]719] #&stA 42l

O:

A sl B el ik
o

5k Hilbert &%t = ¥el9] A, vector predictors and functional
data® SHOR AMgsh= 37 RA¥ Zo] g Bx=E doly

Aotdl WhHES g5 Fxeol A Jd=E Y SHE xEgelo] FH s}
| A8 7}53bH A|eteE global Frechet 37+ © s} o
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An 1terative approach to fitting varying—coefficient
additive models

(Xiaoke Zhang - University of Delaware (United States))

H+ =YE varying-coefficient additive model< functional data and
longitudinal datag +#21s}7] 98 A4 &

AwkA el RYlL varying—coefficient model®} additive modelS ARF3}sE 7

=
oz A, F94, A s B 3RS AT

FWHEF  (time-invariant

U SAE A

o] mdo] st WA F=AuPHS A7F

covariates)®| = do]Ef ol st A A =

lo &

32 M

28 7t5AS H3]7] Y8l longitudinal and time—invariant covariatese] &
sk 4= 9)+= d|o]Elol] varying—coefficient additive model& Y€

(fitting)8h= A =& HaHS 7ot

=452l non-convexity® 8l FAsH= ANt ofews Fishs 1t
o3k wbs darglgel JREERlen, deda L2 Y She 44

relevant unknown function®] F4& 93] AA

Alekel W e AlEeold ATol A4l dlolE 88 Ea A5 glA A

Understanding the time-varying associations between two
functional measurements

(Haochang Shou - University of Pennsylvania (United States))

HZE(cohort) ATelA 7] 9L AT 5 gloke AL BA 24
o Z=A3HAS]
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Sensible functional linear discriminant analysis

(Ci-Ren Jiang - Academia Sinica (Taiwan))

ATte] E-A 2 Fisher's linear discriminant analysis(LDA)E WE7} &2
functional data®} Y¥H&Ql C ZHH ALy &7 Ao it T dlo|H71A]

HEA BAetE A9

Z 0 oo IHA] WA= AR GAXERES] non-invertibility FA1S 3
gtz R Sol= HHe] LDA o 52 sk £899 H2Ue A%

A (asymptotic properties)2 A3kl &

A E
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B 2R/ 249 5 98 nlE
o] S H WA Y5 A AAE T OIS AFHAL
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= (3=3) Analysis of the effect of the carbon emission reduction
in EU ETS Phase 1 on PSM and system dynamics panel DID

model

O stalo] Aste] H EASE Lololq sl AT Y
Azg etk 53

Fzole thekstn tibAel st gl slo] AEdow
=5, EASAE e EASE BANME 2 BAsNe
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- Herman K. van Dijk(U|@&=), Xuming He(®]=F), Marc
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Analysis on Effectiveness of Carbon Emission Reduction in

EU ETS Phase 1

Honghes Kim®™, Hyun Kim®
= Shpiniral Pesesch redsedhspisn hosisd go ], Siefmies Fores, Koran, Soush
b Chwung-Ang Unwesiy, Horoa, South

| INTRODUCTION 1
Az the Kyeio Protocolz tock effect in 2008, advanced countries were obliged
to reduce grecahousze mE: emizsionz Af the zame time. & Flexible
Mechanizm waz istroduced to esze of implementstien. The EU ETS
(Emizsionz Tradinge Scheme) waz intreduced in 2005 8= a marisi—driven
regulatery toal for effective reduction of sresahouze gaz emizzicas.

Az of D007, 27 countrioz are participatior and form the largest mreeahouze
Rag markef in the worlh The EU ETS has boen oztablizhed ard extended in
three phazes” from 2003 to 2007 waz Phaze 1 (pilet pericd). from: 200E to
2012 waz FPhaze 2 (the Ewvoto Pretocol compuizory reduction periad), snd
Phaze 3 iz from 2013 to 2020 In particulsr. zome insizt ETS worked
sffactively in reducing smizzicnz but ather zav it waz limited in Phaze L of
the EUJ ETS(20056-2007)-

| OBJECTIVES 1

Thiz paper performa empirical amalyziz og participatng couwatries’ carbean
reduction performance compared fo pon—perficipatiog cowatries’  performance
ones in phaze 1 of EU ETS The ETS wsee focmed by s penel for EU
member countries betweea LEBQ and 2007.

[ MODEL 1
1. PEM (Propeazity Scaring Method)

we apply the PEM to determine zample zelectiva randomeezz == well az o

| EMPIRICAL ANALYSIS 1
The medel of thiz stedy takes inte accouat the year characteriztic dummy
azzuming thet participsting covatriez Introduced their zyztems at differeat
peint of time in accordance with Bertrasd et al- (2001). Thiz cen be zet az
in equation (8} bebow.

1. Set the model

lnilemitp, ) = Blowlemitg, 1+ el + oo pdpe, |
+ 5 okl gl )|+ Bl den 1+ Sloalior ) &
et ;
p= 1 & 42 o= 1800 1890, 2007

=Tabla 1> Vadsbin Name and Vaiabla Dessipion
WM M. D WM.oH M D
jemip) | ok cimissons logtang Aa e B rafe (Sonol
%ﬁ- Seal (e par % E.% El par %En’ N omisdon Tadng
I y PFopulalon  domly by coonay & whethar the emision mdng B
o iparaoms | kmE) camiad asf

2. Zelection of target countrisz by PEM

43 countriez in Eurape were the crigisal tarmetz of ithiz zoedy. The
randomnezs of sampling camnot be guarenteed becawse the charscteristics of
emizzion frading participafing asd non—participstin® cownfriez are very
different. Therefore. we chould clazsify couvstries with similer charscteriztics
by PSM. <Tshle 2* below shows three divided sroups by propensity scores-

=Tabie =
P s cmng piv cxsta Feal GDP and popkaiion
dermly & oremclieo vaiabiess 00

Camched murtres by PSAM

zalve the zample zelection ermar that would oceor zince ETS participantz snd ol of Bkt ol F‘_lﬁ%% = |_on-Fast  ISERER
aoa—participants wers determined in advance. e Pl =3 drakaria i Estenia
=i D=1l = FlD A D3 EHE A s ; | domata | Lavie
Hoeever. I = 0L 1}. oeammess 'L ooo—tressmes ' i) DEEEE (7] % 22 4 Ao & i -
X iz a oeldimessonsl vecoor repressmsisd pre—mesmmenr charscoerissica Toml 3 F=4 ] dy Aomania

That iz, whoa the propenzity scors iz cives. D and X are randemiby zelscted
ant both are muteslly independent. Thiz iz celled the 'balancine bypothesiz’
and iz marked D XiP(X)

2. Eyatem Dynamices Panel DID Modal

L Simple DID model

my = ot 3E = e + S, Sy

] w8

The =imple DID medel iz defined oo the basiz of two crosz—zectionsl dats
zetz with caly two chjectz asd two timez which can be exprezzed a= the
following equatica {2).

21

@ Panel DID modsl

Wy S &+ o S IR+ X ey

i-LZ—=a Al PO - e o [%:4]
& * Crosa—aectael Sved—effect (croas—asctonnl charyomriste dummy!
= * Time f=ed—effeccs (rime charscterissic dummy!
Sinea the zimple DID modsl iz oot zuitahle for panel data whers =evers!
croEe gectionz exizt over variouz poried. £ needz to be converted into &
zuitable model for penel data amalbysiz- Thiz can be zet sz the followine
equation 13).
Apcording to Bertrand ot &l (2001) and Hanzea (2007). however. the pansl
DD maodel tendz to over—reject due o the autocorrelaticn of the errar term.
Moreowver. if the sutocorrelation of the error term iz zevers. we might have
the opa—ztstionarity of the time zerisz which nesds to be zalved.

@ System dynamics panel DID model
e = Bl 5 W+ Xy r i+ 2y

(3]

Ay = Gty + S A WL+ Ay + 80, + S, 31

If we coavert a zimple panel DD maodel ioto & dyoamic panel modsl we can
exprezs it az following egquatian (4). In addition. ziace the syatem dynamics
pansl model eztimatez all variables of the modsl by calculsting the first crder
differeace. the model can be modified az shown in the following equation (B)-

3. Estimation result

The resultz of the zystem dynamice panel estimation of thiz peper are shown
in “Table 3* and <Tshie 4> below. «<Table 3* iz abour the rezultz Aot
applied PEM, <Table 2> iz about the rezultz applied PSM

Systarm Dyramics Panel DID Model Estimafion Resuls
“Tahia 3> ol £ cuntdes witos S “Tabla 4> PEM Apmied 7 Courtes

T [ & [@® [& [& & O [& [@ [&@ [& [ &
ety | e | 0 | | s | e | DA e} | rwr | nen = | - | e | ogee | oo
o | BE oo | an | es | 2w e | mes | oim | o | e | e
kel |tw™| anr | oo | o |-osT | e L O T T Il L T
vy | e | | s | e | na imt | bom | rem |am | em | e
kfetni e |oover | v | oo | e okt aue- | naer | oeer | oS |oree
e |nm | &n | o | e cex | 16 | rm | om | wre
B! | anm amr L — [T I s
18 e 3] GL] i-&m
ot o R ot ey | oem |
= nay | guw omn oz EiD
R Liici] e e
H.m aea
o 17 ;3 i -] ) i i} 1e 1= i1 na na x
s [ &= - ] = £l g ¥ ¥ T T T [
podrwy| vk | v | wm | o | vw | we wadrTy| wa | v | we | wm | wo | ww
Koes: The waiss @ asnl § o T. sws, =, o podipges signifyaars agder LS. S8, aof 108 MW-\f‘-_‘W
Tilas B puresgaseal | ju rhe c—vanes. usiog e comecred sslogard smar propossd by Heswy sodl Waae 11387
In thiz pasper. the rasdomaesz of zample selecticn iz secured throush PSM
applicstion. aad a zvstem dysamicz pansl model = applied fo =elve the

aufocprrelsticn of the error term problem which frequesily occurz when
applyiag the DID model to the pans| data.
We uwze PEM 1o zelect four participating couatries a0d three aoa-—
participating countriez with zimilar characteristicz sz =amplez, and apply the
DD medel of the zyatem dynamics panel. We find the participatiog couatries
carboa reduction performance iz larger than that of aon— parficipating
Countries.

The guibar cos be cootacted af Ef10040r@Enres kr

Intemational Conference on Econometrics and Staistics (EcoSta 2017)
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l. Introduction

* EU ETS(Emissions Trading Scheme)

* As the Kyoto Protocol took effective in 2005, advanced
countries are obliged to reduce greenhouse gas emissions. At
the same time, Flexible Mechanism was introduced for

securing the ﬂexibility of implementation.

® he EU ETS (Emissions Trading Scheme) has been introduced
since 2005 as a market-driven regulatory tool for effective

reduction of greenhouse gas emissions.

_\/o

. Introduction

® In 2007, 27 countries are participating and form the largest
greenhouse gas market in the world. The EU ETS has been
established and extended over three phases :
1. from 2005 to 2007 was Phase 1 (pilot period),
2. from 2008 to 2012 was Phase 2 (the Kyoto Protocol compulsory
reduction period),

3. and the last Phase 3 is from 2013 to 2020. In particular, in Phase 1
of the EU ETS(2005~2007), some insist ETS worked effectively in

reducing emissions but others say it was limited.

® This paper works on empirical analysis on participating countrie s'
carbon reduction performance compared to non-participating
countries’ ones in the phase 1 of EU ETS, after making a national
panel for EU member countries between 1990 and 2007.

o

2N
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ll. EXxisting researches

1. Ellerman and Buchner(2008)

A.  Accor dmg to the results of the anal\ sis, it was found that over-allocation
of emission credits and emission reduction occurred in 2005 and 2006.

I

Anderson and di Maria(2009)

A, In addition, we found so-called "emissions inflation" estimated at 230
million tCO?2 for 2 years since 2005. It is estimated that emissions from
the Phase 1 of the EU ETS were 113 million tCO2 higher than the
assumption that there was no EU ETS at average.

Widerberg and Wrake(2009)

A Accordmg to the anah sis, the EU ETS did not show any Slgmflcant decline
in carbon emissions in the Swedish power sector.

(8

4. H.Kim and K. Lee(2010)

A. DID model based on 1)(11’161 data estimates that EU ETS inlplelnentation
significantly reduced greenhouse gas emissions, which is very consistent in

° various model settings.

/

lll. Model

1. PSM(Propensity Scoring Method)

A, we apply the PSM to get samp]e selection randomness as well
as to solve the sample selection error that would occur as ETS

participants and non-participants were determined in advance.

p(X)=Pr[D=1|X]= E[D| X]
However, D = {0, 1}, treatment, '1', non—treatment, '0' (1)
X is a multidimensional vector representing pre—treatment characteristics

B. That is, when the propensity score is given, D and X are
randomly selected and both are mutually independent. This is

called the 'balancing hypothesis', and marked D | X | P(X).
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Model

Panel DID Model

The simple DID model is defined on the basis of two cross-sectional data
with only two objects and two times which can be expressed as the
following equation (2).

Y =a+8,d,+5,d, + Bdd, e, (2)
i=1,2 t=1 2

Since the simple DID model is not suitable for panel data where several cross
sections exist over various period, it needs to be converted into a suitable
model for panel data analvsis. This can be set as the following equation (3).

y!t:6§+"!+‘3”;t;“"!t’]ﬂ+ﬁit (3)
=1,2 n t=1,2 T
Cross—sectional fixed—effects (cross—sectional characteristic dummy)
Time fixed—effects (time characteristic dummy)
According to Bertrand et al. (2001) and Hansen (2007), however, the panel
DID model tends to over- reject due to error term autocorrelation.

Moreover, if the autocorrelation of the error term is severe, we might have
the non-stationarity of the time series which needs to be solved.

Model

System dynarnic panel DID Model

Uiy = B 16 I'1’Ez+3;trr+5§ ty,tey, (4)

=0 Ay T BAW, HAX, T+ Ay +Ag, (5)

If we convert a silnple panel DID model into a dynalnic panel

model, we can express it as following equation (4).

In addition, since the system dynamics panel model estimates all
variables of the model by doing the first order ditference, the

model can be modified as shown in the following equation (5).
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IV. Empirical Analysis

i1

Set the model

log (emz'tpst) = flog (e milp, )+ Bypart -d0, + ,Bglog(gdppﬂ)

-

+ 3, [log (gdppst ) ] 2+ ABlog (dt—:ng)f ) + H:log (ta:cst )

+4, +uv, te,

s

t

I, Zp=, 42
1990, 1991

. 2007

Selection of target country by PSM

PSM results using per capita Real GDP and population
density as characteristic variables (2009)

Selected countries by PSM

Inferior of block Part|C|pat1|:'?at"ai;1ng smission Non-Part. Part.
of propensity Nt GF Nifear Total =
score Non-Part. Part. SFHiL| O} o|AEL|O}
03121464 (A) 1 1i 2 JZ0E|0F | 2EH|O}
03333333 (B) 3 4 7 EE 2| EotL|o}
0.6666667 (C) 7] 22 24 =0ofLjot
Total 6 27 33

V.

Estimation Results

System Dynamics Panel DID Model Estimation Results e
<Table 3> total 42 countries without PSM ' <Table 4> PSM Applied 7 Countries

@ 2 €] @ ] ® @ @' @' @' 8 B
loglemitp:1) | 0.6157 | 05967 | 0586 | 0.455" | 0484 | 0497 f|og.gm;;gl,1) 0789 | 0671 | 0771™ | 0587 | 06757 | 0132
(767) (9.85) (1040) 471) 619) (6.59) ; (14.44) (1155) (2172) (12.13) (15.33) (1.44)
part’dd |-0.114 | -0007 | -0035 | -0.014 | -0.051" | 0.049 partdd | -0.031 | -0.074° | -0.103" | -0057° |-0.203"" | -0223"
(331 | (025 | (149) | (054 | (2200 | (149) (129) | (-198) | (-200) | (-166) | (-283) | [-218)
log(gdpp) 10277 | 0398 | 1455 | 0479 | 08237 ¢ log(gdpp) 2105 | 0362° | 2365 | 0528” | 0773
(207) (3.67) 271) (352) [2.34) (3.87) 1.94) 739 (3.00) 4.77)
flog(adpp))’ 0042 0072 0028 log(gdpp)F 0114™ 0121™
(-144) (-205) (142) | (-358) (-588)
log(den) 11407 | 0793 | 0.986" log{den) 0763 | 0692 | 1879"
233) (167) (3.11) 376) (3.72) (2.10)
log (tax) -0.020 log(tax) -0.049™
(-117) -268)
obs 672 669 669 | 669 669 347 obs 112 112 112 12 mn 48
group 42 42 42 42 42 29 group 7 7 7 7 7 4
yes ves yes yes yes yes year dummy | yes yes yes yes yes yes

e year dummy
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VI. Conclusions

® In this paper, the randomness of sample selection is secured
through PSM application, and a system dynamics panel
model is applied to solve the autocorrelation problem which
frequently occurs when applying the DID model to the panel
data.

® We use PSM to select four participating countries with
similar characteristics and three non-participating countries
as samples, and apply DID model of the system dynamics
panel. We find the participating countries' carbon reduction
performance is larger than that of non-participating countries.
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| = Contributions in forecasting

Wk 3f 2}/ =% Chair: Danilo Leiva-Leon Organizer: EcoSta
Al v /&2~ Session EC284  Room: LSK1001

| = Contributions in time series

w37 2}/ #%  Chair: Jean Marc Bardet Organizer: EcoSta
A A/ A 4 Session EC294  Room: LSK1005

| = Contributions in statistical modelling

w37 2}/ z%  Chair: Yao Rao Organizer: EcoSta

Al A /A2~ Session EC289  Room: LSK1009

A = Contributions  in multivariate methods

w37 2/ # % Chair: Marc  Hallin Organizer: EcoSta

Al A /A2~ Session EC286  Room: LSK1033

| I Contributions in Bayesian econometrics
w32 2/ =% Chair: Jiri  Witzany Organizer: EcoSta

Al v /&2~ Session EC285  Room: LSK1034

| I Contributions in financial econometrics I
vk 3f 2}/ =% Chair:  Roderick McCrorie Organizer: EcoSta
Al A /A2~ Session EGO61  Room: LSK1003

| I Contributions on time series modeling and its applications
w37 2}/ # %  Chair: Thomas Beissinger Organizer: EcoSta
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A A /A4 Session EG129  Room: LSK1007

A = Contributions in survival analysis

U3 2}/ % Chair: Yan  Shen Organizer: EcoSta

A A /A4 Session EGO53  Room: LSK1010

| = Contributions in bootstrap methods

U3 2}/ # % Chair: Gil  Gonzalez-Rodriguez Organizer: EcoSta

Parallel session L Saturday 17.6.2017, 10:15 ~ 11:30

Al A/ A2 Session EO048 Room: LSKGOO1

| = Challenges in functional data analysis

U3 2}/ 2% Chair: Jeng-Min Chiou Organizer: Jeng—-Min Chiou
Al /&2~ Session E0222 Room: LSKGO0O07

| I Advances in complex time series analysis and its applications
vk 3¥ 2/ #%  Chair:  Guannan Wang Organizer: Lily Wang

Al A/ A2 Session EO182  Room: LSK1003

| I Computational methods in financial statistics

YUk 2}/ % Chair:  Chu-Lan Kao Organizer: Cheng-Der Fuh

Al A/ A2 Session EO030  Room: LSK1007

| I Recent advances in dynamic panel data and factor models
vk 3% 2}/ # % Chair: Bin  Peng Organizer: Degui Li

Al A/ A2 Session EO076  Room: LSK1009

| I Circular time series and statistical inference
Wk 3f 2/ #%  Chair:  Toshihiro Abe Organizer: Toshihiro Abe

Al A/ A2 Session EO307  Room: LSK1010

| I Recent advances in causal inference methods
vk 3f 2/ =% Chair: Qi Long Organizer: Qi Long

Al v /&2~ Session E0296 Room: LSK1011

| = Statistical models with applications

U3 2}/ # % Chair: Seng  Huat Ong Organizer: Seng Huat Ong
Al /&2~ Session EO260 Room: LSK1014

| I New developments in biomedical research II

vk 3% 2}/ # % Chair:  Jinfeng Xu Organizer: Wai-Keung Li, Jinfeng Xu
Al A/ A2 Session EC290  Room: LSK1001

| I Contributions in applied econometrics and statistics
Wk 3f 2/ # %  Chair:  Richard Gerlach Organizer: EcoSta

Al A/ A 4 Session EC287  Room: LSK1005

| = Contributions in Bayesian statistics

k3% 2}/ # % Chair: Siew Li Linda Tan Organizer: EcoSta

Al A/ A2 Session EG239  Room: LSK1033
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A I Contributions in financial econometrics II
%} Chair: Bernd Schwaab Organizer: EcoSta

Al /=2~ Session EG267  Room: LSK1034

| I Contributions in optimal portfolio allocation and option pricing
U3t 2}/ # % Chair: Winfried Pohlmeier Organizer: EcoSta

Parallel session N Saturday 17.6.2017, 14:00 ~ 15:40
Al /A 2~ Session EI004 Room: LSKGO0O01

| = Bayesian nonparametrics

vl 2}/ 2z % Chair: Byeong Park Organizer: Byeong Park

A A /A4 Session EO028  Room: LSKGO07

| I Forecasting economic and financial time series

k3 2}/ # % Chair: Alain  Hecq Organizer: Alain Hecq

A A /A4 Session EO088  Room: LSK1001

| & Quantile regression in high dimensions

U3 2}/ 2% Chair: Zhongyi Zhu Organizer: Huixia Judy Wang

A A /A4 Session EO056  Room: LSK1003

| = Performance analysis

YUk 2}/ # % Chair:  Valentin Zelenyuk Organizer: Valentin Zelenyuk

A A /A4 Session EO078  Room: LSK1005

| I Modeling and testing problems with complex high-dimensional data
U3 2}/ # % Chair:  Ming-Yen Cheng Organizer: Ming-Yen Cheng

A A /A4 Session EO172  Room: LSK1007

| I Statistical inference and their applications to complex problems
U3 2}/ 2% Chair:  Dungang Liu Organizer: Regina Liu

A A /A4 Session EO102 Room: LSK1009

| - New advances in statistical modeling, computation and applications
U3 2}/ # % Chair: Tsung-I Lin Organizer: Wan-Lun Wang

Al v /&2~ Session EO106  Room: LSK1010

| I Large-scale regression methods and algorithms

k3% 2}/ % Chair: Jian Kang Organizer: Peter Song

Al /&2~ Session EO194  Room: LSK1011

| I Nonparametric methods for variability estimation

k3 2}/ %% Chair: Bo Li  Organizer: Bo Li

Al /&2~ Session EO198 Room: LSK1014

| I Recent development in statistical analysis of functional and image data
w37 2/ # % Chair:  Chunzheng Cao Organizer: Jian Qing Shi, Chunzheng Cao
Al /=2~ Session E0232  Room: LSK1026

| = Model estimation in mathematical finance

U3 2}/ # % Chair:  Xiaoling Dou Organizer: Xiaoling Dou
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A A /A4 Session EO090  Room: LSK1027

| I Recent developments in time series analysis and related topics
U3 2}/ # % Chair:  Sangyeol Lee Organizer: Sangyeol Lee

Al /&2~ Session EO170  Room: LSK1032

| I Recent advances in time series analysis

U3 2}/ # % Chair: Chun  Yip Yau Organizer: Chun Yip Yau

Al v /&2~ Session E0242  Room: LSK1033

| I Bayesian modeling for spatiotemporal phenomena

U3 2}/ 2% Chair:  Fumiyasu Komaki Organizer: Fumiyasu Komakis
Al /&2~ Session EO311  Room: LSK1034

| & Recent advances in joint modeling

U3 2}/ # % Chair: Ming Wang Organizer: Ming Wang

Parallel session O Saturday 17.6.2017, 16:10 ~ 17:50

A A /A4 Session EO210 Room: LSKGO001

| ¥ New developments in fusion learning and statistical inferences
U3 2}/ # % Chair: Min—-ge  Xie Organizer: Min-ge Xie

A A /A4 Session EO068  Room: LSKGO07

| I Advances in volatility modelling and forecasting

U3 2}/ # % Chair: Boris Choy Organizer: Boris Choy

Al /&2~ Session EO188  Room: LSK1001

| - Applications and empirical research in economics and finance
U3 2}/ 2% Chair: Tsung-Chi Cheng Organizer: Tsung-Chi Cheng

Al A /A2~ Session EO040  Room: LSK1003

| I Endogeneity and nonparametrics in models of production
w37 2}/ #%  Chair: Artem  Prokhorov Organizer: Artem Prokhorov

A A /A4 Session EO186  Room: LSK1005

| I Sufficient dimension reduction in survival analysis

U3 2}/ 2z % Chair: Ming-Yueh Huang Organizer: Chin-Tsang Chiang
A A /A4 Session EO082  Room: LSK1007

| % Advances in  high—dimensional data analysis

w37 2}/ =% Chair: Hao Chen Organizer: Hao Chen

Al A /A2~ Session EO098  Room: LSK1009

| I Recent developments in ecological statistics

vk 3% 2}/ # % Chair:  Wen-Han Hwang Organizer: Wen-Han Hwang
Al /&2~ Session EO142  Room: LSK1010

| I Recent advances in Bayesian computation

vk 3% 2}/ # % Chair: Minh-Ngoc Tran Organizer: Minh-Ngoc Tran
Al w /&2~ Session E0202  Room: LSK1011
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Nonparametric and semi parametric statistics and their applications
Chair: Wenbo  Wu Organizer: Xiangrong Yin

Session EO204 Room: LSK1014
Functional data analysis and its applications
Chair: Ci-Ren Jiang Organizer: Ci—Ren Jiang

Session EO268 Room: LSK1027
Spatial  econometrics
Chair: Sophie Dabo Organizer: Sophie Dabo, Nicolas Debarsy

Session EO160 Room: LSK1032
New developments in financial time series
Chair:  Guodong Li Organizer: Guodong Li

Session EO120 Room: LSK1033
Nonlinear time series
Chair: Philip  Yu Organizer: Philip Yu

Session EO316 Room: LSK1034

Financial integration and crisis transmission
Chair: Vance Martin Organizer: Vance Martin
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E 4. Certificate of Acceptance

EcoSta 2017

Certificate of Acceptance
1st International Conference on Econometrics and Statistics

Hong Kong Umversity of Science and Technology, Hong Kong
15-17 June 2017

Hong Kong, 30th January, 2017

Dear Honghee Kim,
We are happy to inform you that your abstract 'EP0542: Analysis of the effect of the carbon

emission reduction i EU ETS Phase 1 on PSM and system dynamies panel DID model' has been

accepted for presentation conditionally that the presenting author is registered for the conference
by 15 March 2017.

Please register at.

http://emstatistics.org/RegistrationsV2/EcoSta2017/

Co-chairs: Ana Colubi. Erricos J. Kontoghiorghes. Tsung-I Lin, Yasuhiro Omori, Byeong Park
and Mike K.P. So.
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[ H[0] X]]

Z=A: http://cmstatistics.org/EcoSta2017

- CMStatistics
1st International Conference on e ® HKUST
CFEne Twork WORLD CLASS 1 ASIA

Home
Important Dates

EcoSta 2017

Committees The 1st International Conference on Econometrics and Statistics (EcoSta 2017) will take place at the Hong

Sponsors

~ Chatiod: i i i ’ o .
T Kong University of Science and Technology, Hong Kong 15-17 June 2017

CFEnetwork This Conference is co-organized by the Working Group on Computational and Methodological Statistics

Related Past

(CMStatistics), the network of Computational and Financial Econometrics (CFENetwork) and Hong Kong

Conferences

: University of Science and Technology (HKUST) Business School.
Sessions >

The journal Econometrics and Statistics (EcoSta) and its supplement, the Annals of Computational and

Abstract Submission

Registration >

Financial Econometrics, and the Computational Statistics & Data Analysis are the main sponsors of the
conference. Selected peer-review papers will be considered for publication in a special peer-reviewed, or

Programme > regular, issues of the Journals Econometrics and Statistics, and Computational Statistics & Data Analysis.

Professional For further information please contact info@cmstatistics.org or info@CFEnetwork.org.
Meetings

EcoSta Journal
Publications

Social Events

Aims and Scope

Venue W This conference invites oral and poster presentations containing substantial advances in the broad areas of

Announcements

considered.

econometrics and statistics. All topics within the scope of the journal Econometrics and Statistics will be

Topics of interest include, but not limited to, high-dimensional problems, functicnal data analysis, robust
statistics, resampling, dependence, extreme value theory, spatial statistics, Bayesian methods, nonparametric
statistics, multivariate data analysis, parametric & semi parametric models, numerical methods in statistics
and econometrics, the estimation of econometric models and associated inference, model selection, panel
data, measurement error, time series analyses, filtering, portfolio allocation, option pricing, quantitative risk
management, systemic risk and market microstructure, forecasting, volatility and risk, credit risk, pricing
models, portfolio management, emerging markets, and substantial statistical applications in other areas such
as medicine, epidemiology, biology, psychology, climatology and communication. Innovative algorithmic
developments are welcome, as are the computer programs and the computational environments that

implement them as a complement.

[EEXIE]

M X2 : EcoSta2017 Book of Abstracts*
CMBEENE MAhE HEMY AT

2 http://cmstatistics.org/EcoSta2017/BoA.php
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E 6.

[Keynote Talks]

F MMx E8

-1
o

ret

FE 37 2% =7}
1 Michael Pitt King's College London UK
2 Xuming He University of Michigan USA
3 Marc Hallin Universtie Libre de Buxelles Belgium
4 Marc Paolella University of Zurich Switzerland
[Special Invited Sessions]
T | AAY FA 373 =7}
Modern methods for Jeng—-Min Chiou Taiwan
1 ESIOZ2 complex functional and Yi Pan UK
longitudinal data Victor Hugo Lachos Davila | Brazil
2 ESIO4 | Bayesian Non—parametrics Eiozr}llgeia}lilm EgrAea
. . Sudipto Banerjee USA
3 ESIO6 Advaréces. n Spatial Marc G. Genton Saudi Arabia
tatistics Alexandra M. Schmidt Canada
Non-and semi-parametric lea. Koul - USA
4 ESI301 . Ingrid van keilegom USA
inference Stephen M. S. Lee Hong Kong
[=7H8 EAMX dgh
= 7} XA F(8) = 7t A2 F08)
Australia 52 Malaysia 3
Austria 5 Netherlands 8
Belgium 5 New Zealand 3
Brazil 1 Norway 6
Bulgaria 1 Philippines 2
Canada 16 Poland 3
Chile 1 Portugal 1
China 105 Saudi Arabia 5
Cyprus 3 Singapore 12
Czech Republic 5 Spain 8
Denmark 1 Sweden 1
Finland 2 Switzerland 4
France 18 Taiwan 38
Germany 20 Thailand 2
Hong Kong 63 Turkey 1
Hungary 1 United Kingdom 28
Indonesia 1 United States 125
Ireland 1
Italy 13
Japan 55
Korea 42 Z AN94 661
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